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Abstract

This paper discusses the evolution of monetary policy (MP) in Peru in 1996Q1-2016Q4 using a
mixture innovation time-varying parameter vector autoregressive model with stochastic volatility
(TVP-VAR-SV) as proposed by Koop et al. (2009). The main empirical results are: (i) the VAR
coefficients and volatilities change more gradually than the covariance errors over time; (ii) the
volatility of MP shocks was higher under the pre-Inflation Targeting (IT) regime; (iii) a surprise
increase in the interest rate produces GDP growth falls and reduces inflation in the long run; (iv)
the interest rate reacts more quickly to aggregate supply (AS) shocks than to aggregate demand
(AD) shocks; (v) MP shocks explain a high percentage of domestic variable behavior under the
pre-IT regime but their contribution decreases under the IT regime.

JEL Classification: C11, C32, E52.

Keywords: Monetary Policy, TVP-VAR-SV, Bayesian Estimation, Mixture Innovation Model,
Peruvian Economy.

Resumen

Este articulo discute la evolucién de la politica monetaria (MP) en Pert en el periodo 1996Q1-
2016Q4 utilizando un modelo VAR de mezcla de innovaciones que admite pardmetros cambiantes y
volatilidad estocéstica (TVP-VAR-SV) propuesto por Koop et al. (2009). Los principales resultados
empiricos son: (i) los coeficientes VAR y las volatilidades cambian m&s gradualmente que las
covarianzas en el tiempo; (ii) la volatilidad de los shocks de MP ha sido mayor bajo el régimen
anterior a la adopcién de metas de inflacién (IT); (iii) un aumento inesperado en la tasa de interés
produce caidas en el crecimiento del PBI y reduce la inflacién a largo plazo; (iv) la tasa de interés
reacciona mds rédpidamente a los choques de oferta agregada (AS) que a los shocks de demanda
agregada (AD); (v) las perturbaciones de MP explican un alto porcentaje del comportamiento de
las variables domésticas bajo el régimen anterior a IT, pero su contribucién disminuye bajo el
régimen de IT.

Clasificacion JEL: C11, C32, E52.

Palabras Claves: Poitica Monetaria, TVP-VAR-SV, Estimacién Bayesiana, Modelo de Mezcla
de Innovaciones, Economia Peruana.
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1 Introduction

Deep structural reforms have been implemented in Peru since the 1990s. The deep economic reforms
carried out in the 1990s across a number of areas (mainly eliminating price and capital controls,
as well as quantitative trade restrictions; unifying the exchange rate and allowing it to float freely;
and liberalizing the financial market) marked a transition to a free market economy. The govern-
ment opened private sector participation in industries previously controlled by the public sector.
Crucially, the institutional framework and autonomy of the Central Reserve Bank of Peru (BCRP)
and the Superintendency of Banking, Insurance, and Pensions Funds (SBS) were constitutionally
mandated. These reforms ushered in a long period of macroeconomic stability and sustainable
growth; see Rossini and Santos (2015).

Regarding the monetary regime, the BCRP set out to fulfill its mandate to achieve low inflation
in the wake of the 1980s hyperinflation episode. The arrangement used in the transition to single-
digit inflation was control of monetary aggregates, with the monetary base as nominal anchor
(1995-2001). In 2002 the BCRP adopted an Inflation Targeting (IT) regime with a 1.5%-3.5%
target band. Banks’ current accounts with the BCRP were used as operating target, but were
replaced by the interbank interest rate in September 2003. In 2007 the target band was lowered
to 1%-3%. At the same time, the BCRP uses alternative instruments, such as the reserve ratio
or FX market intervention, to achieve its inflation objective and maintain the interbank market in
balance while addressing Peru’s financial dollarization; see Castillo et al. (2011). Therefore, the
transmission mechanism and/or volatility may vary over time in response to structural reforms or
changes in the monetary regime.

Understanding the behavior of the monetary transmission mechanism is a key objective of this
paper. Starting with Sims’ (1980) seminal work, VAR frameworks have become an important tool
in this field, for example in Sims (1992), Bernanke and Blinder (1992), Gordon and Leeper (1994),
Christiano et al. (1996), and Bernanke and Mihov (1998). Leeper et al. (1996) and Christiano et
al. (1999) provide an extensive review of the literature on the monetary transmission mechanism in
the U.S. Particularly, these papers show that, following a contractionary monetary shock, economic
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activity declines quickly in a hump-shaped manner but, in contrast, the negative price reaction is
more delayed and persistent. Mojon and Peersman (2001) discuss the effects of monetary policy
(MP) shocks in individual Eurozone countries; and find that an unexpected rise in the short-
term interest rate leads to a decrease in output, with investment and exports falling more than
consumption and prices decreasing gradually in all countries. Peersman and Smets (2001) study
the monetary transmission mechanism for the Eurozone as a whole; and find that a temporary
rise in the short-term interest rate leads to a real exchange rate appreciation, a temporary fall in
output, and a significant fall in prices several quarters after the decrease in output.

All the above models are based on the assumption of constant VAR coefficients and a constant
error variance-covariance matrix. However, it is better to use multivariate models when the trans-
mission mechanism and the variance of the exogenous shocks can both change over time because
the inter-relationships between the variables may also change over time; see Koop et al. (2009).
Taking into account these considerations, time-varying components are incorporated into the VAR
analysis. Cogley and Sargent (2001) analyze the inflation-unemployment dynamics in the U.S. in
1948Q1-2000Q4 using a Bayesian time-varying parameter (TVP) VAR model, but with the as-
sumption of a constant variance matrix. They find that the mean and persistence of inflation show
a strong positive correlation and that the degree of persistence in inflation has been drifting down-
ward as inflation has come under control. However, the assumption of constant variances implies
that the volatility of shocks hitting the economy does not evolve over time. Therefore, Cogley
and Sargent (2005) extend Cogley and Sargent (2001) to incorporate stochastic volatility and then
re-estimate for the same data, finding that inflation persistence increased during the 1970s and fell
over the next decades; and that the innovation variances are larger for the late 1970s than for other
periods.

However, in these models the simultaneous relationship among variables is time-invariant. This
is a disadvantage because they cannot distinguish between changes in the typical size of exogenous
innovations and changes in the transmission mechanism. Therefore, Primiceri (2005) develops
a flexible TVP-VAR-SV model where the coefficients and the entire variance-covariance matrix
for the shocks are allowed to vary over time* in order to assess the potential causes of the poor
economic performance of the U.S. in the 1970s and early 1980s, and to what extent monetary
policy played an important role in high unemployment and inflation episodes. Primiceri (2005)
finds that both systematic and non-systematic monetary policy has changed during the last 40
years. The role played by exogenous non-policy shocks seems more important than interest rate
policy in explaining the high inflation and unemployment episodes in recent U.S. economic history.

In the same line, Benati and Surico (2008) use a structural TVP-VAR-SV model and a dynamic
stochastic general equilibrium (DSGE) model to prove that the persistence of the U.S inflation
gap declined sharply around the time of the Volcker disinflation and that the predictability of
U.S. inflation has fallen sharply over the post-1984 period due to the Fed’s more aggressive stance
against inflation. Based on a DSGE model, they find that a more aggressive stance to control
inflation causes a fall in both the persistence and predictability of inflation, thus providing a possible
interpretation of the evidence uncovered via the TVP-VAR-SV model.

Koop et al. (2009) develop a TVP-VAR-SV model similar to Primiceri (2005), but allow for more
flexibility using a mixture innovation model that extends the class of TVP-VAR-SV models. The
advantage of this extension is that it allows estimating whether, where, when, and how parameters

1See also del Negro and Primiceri (2015).



changes occur. The model is used to investigate if the U.S. monetary transmission mechanism has
changed or if apparent changes are due to changes in the volatility of exogenous shocks. Moreover,
the question of whether changes have been gradual or abrupt is also considered. We find that the
transmission mechanism, the volatility of exogenous shocks, and the correlations between exogenous
shocks are all changing gradually.

Concerning the evidence from other countries, Nakajima (2011) explores monetary policy trans-
mission in Japan under zero interest rates by explicitly incorporating the zero lower bound (ZLB)
for nominal interest rates. The author finds that the dynamic relationship between monetary policy
and macroeconomic variables operates through changes in medium-term interest rates rather than
policy interest rates under the ZLB. Franta et al. (2013) use a TVP-VAR-SV model to study the
evolution of the monetary transmission mechanism in the Czech Republic. The results suggest that
prices have become increasingly responsive to MP shocks and the exchange rate pass-through has
largely remained stable over time. Bittencourt et al. (2016) use a TVP-VAR-SV model to evalu-
ate how monetary transmission has changed over time since Malawi introduced financial reforms
in the 1980s. We find that inflation and real output responses to monetary shocks changed over
the period under study. Importantly, beginning mid-2000, the monetary transmission performed
consistently with economic theory predictions partly due to stable macroeconomic conditions and
positive structural changes in the economy.

Regarding the literature on monetary policy in Peru, most papers estimate a standard VAR
model and its extensions with recursive or non-recursive identifying assumptions. Quispe (2000)
analyzes Peru’s monetary policy in 1980-1998 using three VAR models and concludes that shocks
on the money base explain most of the variance in inflation. Quispe (2001) studies different topics
of monetary policy in Peru. First, the paper documents that the inflation process in Peru is mostly
driven by aggregate demand (AD) shocks, where MP shocks account for 30%-40% of inflation
variance. Second, it seeks to identify the best indicator of monetary policy and finds that different
studies for Peru on this topic show that money aggregates are the best indicators of monetary
policy. Third, the paper presents a model to describe the BCRP’s operating procedure, mainly its
interaction with the banking system through the money market, considering the partial dollarization
of the economy. The results suggest that the time horizon of the impact of an MP shock on inflation
is between 8-16 sixteen months. Finally, it identifies the different transmission channels of monetary
policy and finds that the money channel seems to be effective in Peru.

Castillo et al. (2011) extend the model proposed by Bernanke and Mihov (1998) for the case of
a small partially dollarized economy to estimate the effects of monetary policy in Peru in 1995M1-
2009M12. We find that, in the face of a contractionary MP shock, interest rates rise, monetary
aggregates contract, the local currency appreciates, aggregate demand slows down, and inflation
eventually falls. Additionally, exchange rate shocks turn out to be an important determinant of the
money market. Their results show that the BCRP responds more strongly to demand-for-money
shocks than to exchange rate shocks during the period following IT adoption.

Other studies relating to Peru’s monetary policy are Winkelreid (2004), Bigio, and Salas (2006),
Rossini and Vega (2007), Lahura (2010), and Pérez Forero (2015). Winkelreid (2004) estimates an
error-correction model to analyze the consequences of structural shocks and the effects of monetary
shocks on output and inflation; and the results show the presence of an interest rate channel.
Bigio and Salas (2006) estimate a smooth transition VAR model to explore whether changes in
the monetary stance and the real exchange rate generate nonlinear effects on output and inflation;
and find evidence of nonlinearities in the face of MP shocks, which indicate the convexity of the



aggregate supply curve. Rossini and Vega (2007) analyze the changes in the transmission mechanism
of monetary policy in Peru using the BCRP Quarterly Forecasting Model; and find that the direct
interest rate and expectations channels have become more important in recent years, especially
since IT adoption. Lahura (2010) uses a Factor-Augmented VAR benchmark to analyze the effects
of MP shocks. Pérez Forero (2015) estimates a Hierarchical Panel VAR to assess and compare the
effects of MP shocks across Latin American IT countries (Brazil, Chile, Colombia, Mexico, and
Peru); and finds a real short-run effect of monetary policy on output, a significant medium-run
response of prices, and a hump-shaped response of the exchange rate. Moreover, Pérez Forero
(2015) identifies some degree of heterogeneity on the impact and propagation of MP shocks across
countries.

Finally, Castillo et al. (2016) estimate a TVP-VAR-SV model to analyze the causes underlying
Peru’s “Great Moderation”; i.e., the authors analyze the determinants of the reduction in growth
and inflation volatility in 1981Q1-2014Q3. They find that monetary policy has contributed signif-
icantly to Peru’s “Great Moderation” by reducing the volatility of its non-systematic component
and changing its reaction function to AD and aggregate supply (AS) shocks. Moreover, the AS
and MP shocks were the most important determinants of macroeconomic instability during the
high-volatility period.

This paper analyzes the evolution of monetary policy (transmission mechanism and volatility
of MP shocks) in Peru in 1996QQ1-2016Q4. More specifically, the paper analyzes the response of
domestic variables to MP shocks over time. The paper also studies the response of interest rates to
foreign, AD, and AS shocks over time. Given the impact of monetary policy on the real side of the
economy, it provides insights into Peru’s monetary policy that may be important for its design and
implementation. Moreover, it contributes to the extant literature on the changes in the monetary
transmission mechanism and the volatility of exogenous shocks by providing new stylized facts. It
uses a mixture innovation TVP model with stochastic volatility (TVP-VAR-SV), as proposed by
Koop et al. (2009), which has the advantage of allowing estimation of whether, where, when, and
how parameter changes occur.

Regarding the parameter evolution, our results suggest that the three blocks of parameters (VAR
coefficients, the volatilities and error covariances) change over time. Concerning the volatility of
exogenous shocks, we find two volatility peaks, 1998Q3 and 2009Q3, where the first is higher than
the second. These peaks are related to two international crises: the Asian-Russian crises and the
Great Financial Crisis (GFC), respectively. These results suggest a considerable influence of the
international economic context on Peru’s economy. In addition, the volatility of MP shocks was
significantly higher under the pre-IT regime.

Concerning the impulse response functions (IRFs) to MP shocks, growth tends to fall after
a surprise interest rate increase, with the greatest impact occurring after one year on average.
Moreover, a contractionary monetary policy reduces inflation in the long run, with the desired
effect occurring after two and a half years on average. The results also suggest that IRFs to MP
shocks do not vary much over time. Regarding the interest rate IRF's, a foreign shock has a positive
effect on interest rates, with a higher reaction after IT adoption. Additionally, the interest rate
IRFs for AD shocks are hump-shaped, with a peak between the fourth and fifth quarters. Finally,
the interest rate IRFs for AS shocks are hump-shaped, with a peak in the third quarter. The
paper does not find any remarkable difference between IRFs for AD and AS shocks over time. In
addition, the results suggest that the interest rate reacts more quickly to AS than AD shocks. This
is consistent with the BCRP mandate to preserve monetary stability.



Moreover, the paper finds evidence that MP shocks play a considerable role in explaining the
forecast error variance decomposition (FEVD) of domestic variables (growth, inflation, and interest
rate), especially the interest rate in the pre-IT period. However, under IT the contribution of mone-
tary shocks to domestic variables decreases over time. In the same line, the historical decomposition
(HD) of domestic variables shows that MP shocks were more important under the pre-IT regime.
Concerning the methodological implications of the results, the paper finds that a TVP-VAR with
a constant-error variance-covariance matrix performs poorly in capturing the dynamics between
variables compared with other models where variance errors can change. Therefore, the volatility
of errors should be time-variant.

The paper is organized as follows. Section 2 presents the mixture innovation TVP-VAR-SV
model by Koop et al. (2009). Section 3 discusses the empirical results, including a robustness
analysis. Section 4 concludes.

2 Methodology

The econometric model is a mixture innovation TVP-VAR-SV model as proposed by Koop et
al. (2009), where both the transmission mechanism and the error variance-covariance matrix can
change over time. The three different blocks of parameters (the VAR coefficients, a block for the
error variances, and another one for the error covariances) can evolve in completely different ways.
The literature shows two extreme ways of modeling parameter changes: models with very few
(but usually large) breaks or with many (usually small) breaks. For estimating the number of
breaks, Koop et al. (2009) nest the two extreme cases to estimate the frequency of changes in
the parameters and establish whether the change is constant and gradual. The authors draw from
the mixture innovation approach of Gerlach et al. (2000) and Giordani and Kohn (2008) as a way
to keep the model more tightly parameterized in key dimensions. The advantage of the model is
that it allows estimating whether, where, when, and how parameter changes occur, as opposed to
assuming a particular model for a parameter change like in Primiceri (2005). The methodology of
the mixture innovation TVP-VAR-SV model proposed by Koop et al. (2009) is described below.
The reduced form of the TVP-VAR-SV model in state-space form is:

yt:XtBt—i—ut, t:1,2,...,T, (1)
Bt+1:Bt+vt7 t:1727"'7T7 (2)

where y; is an n X 1 vector of observations on the dependent variables; B; is an m X 1 vector of
states (the VAR coefficients); X; is an n X m matrix of data on the explanatory variables (each row
of X contains lags for all the dependent variables, an intercept, and other deterministic variables);
ug are independent N (0, Hy) random vectors; and v; are independent N (0,Q;) random vectors
for t = 1,2,...,T. The errors in the two equations, u; and v, are independent of one another
for all ¢t and s. The algorithm of Carter and Kohn (1994) is used to draw the variables’ states
B = (Bi,...,Br)".

It is important to allow the error variance-covariance matrix in the measurement equation (Hy)
to vary over time because many important aspects of the transmission mechanism are reflected in
this matrix. A triangular reduction is used: Hy = A; '3, (A; 1), where ¥y is a diagonal matrix
with diagonal elements o;; for j = 1,...,n and A; is the lower triangular matrix:
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The stochastic volatility frameworklis used for ¥;. Starting from o = (014, ... ,Un,t)/, then,
hit = In(o;:) and hy = (hig,...,hp), which evolve according to hi1 = hy + n;, where 1, is

N(0,W) and is independent of u; and v; over t. The algorithm of Kim et al. (1998) is used to draw
the states h;. Additionally, for A;, Koop et al. (2009) stack the unrestricted elements by rows into

n(n—1) _ ’ . . N
a —5— vector as o = (1,4, 31 ¢, 324, - - an(n_l)ﬂf) , which evolve according to ay+1 = ay + G4,
where ¢; is N(0,.5) and is independent of us, v+ and 7, over ¢. Carter and Kohn’s (1994) method is
used to draw the states ;.

Regarding the mixture innovation, the model allows some or all the states and parameters to be
determined by a sequence of Markov random vectors K = (K1, ..., KT)I that control the structural
breaks in the model. The model allows for breaks in the VAR coefficients (B;) and in the error
variance-covariance matrix H; (3; and A;); and these breaks may occur at different times; i.e.,
K; = (Ky¢, Ko, th)/ fort =1,...,T, where Ky; € {0,1} controls breaks in the VAR coefficients,
Ko, € {0,1} controls breaks in ¥, and K3; € {0,1} controls breaks in A;. Therefore, the state
equations of By, hy and «; are reformulated as follows:

Biy1 = By + Ky, (3)
hiy1 = hy + Koy, (4)
a1 = o + K364, (5)

where a Bernoulli distribution is used for the hierarchical prior of Kj; p(Kj; = 1) = pj forj =1,2,3.
The breaks occur independently in By, 3, and Ay.

2.1 Posterior Computation

All posteriors described below are the full conditionals required to set up a valid Markov Chain
Monte Carlo (MCMC) algorithm. Regarding the VAR coefficients (B;), a Wishart prior is used for
Q Q' ~ W(QQ,Q_l). The posterior for Q! (conditioned on the states and K) is also Wishart:

I _ T —~—1 4 -
QY Data ~ W(tg,Q ), wherevg = > Ky +vgand Q ~ = (Q+ > (Biy1—By)(Bi41 —By))~L.
i=1 i=1

Concerning the volatilities (3;), Kogp et al. (2009) adapt the aléorithm of Kim et al. (1998)
as follows. The equation (1) is transformed as:

y;fk = At(yt — ZtOét) = Atut = At(A;lzth) = ZtEt, (6)

where ¢; are independent N(0, ;). This is a system of nonlinear measurement equations but
can be converted into a linear one by squaring and taking the logarithm of each element of (6)



y;1 = log [(yz*t)2 +E}, where ¢ is an offset constant 0.001 used to ensure non-zero values. This

leads to the following approximating state space form:

Yy = 2h + e, (7)
he = hi—1 + 1y,
where e; = In(¢?). Note that e; and 7, are not correlated and e; is not normally distributed.
Moreover, e; = (e1,...,ent)’ are independent because yf , and y}f’t are independent for ¢ # j.
However, Kim et al. (1998) show how its distribution can be approximated with a high degree
of accuracy by a mixture of seven Normals. If Cj € {1,2,3,...,7} denotes which of the seven
Normals ej; is drawn from, it is possible to construct C; = (Cj1...,Cjr) and C = (C4,...,C,)

as component indicators for all the elements of e;. Following the approach suggested by Kim et
al. (1998), it is possible to obtain a Normal linear state space model (conditioned on C' and other
parameters); and Carter and Kohn’s (1994) algorithm can be used to draw h;. Kim et al. (1998)
draw the posterior of C' conditioned to model parameters and states. Thus, ¢;, m; and %2 for
i1 =1,...,7 are the component probability, mean, and variance of each of the components in the
normal mixture, respectively. Then, Pr(Cy = j|Data, ht) o< q; fn(y;712hie +m; — 1.2704,1#?) for
j=1,...,7,i=1,...,p,and t = 1,...,T. Finally, a Wishart prior is used for W~! to complete the
description of the MCMC algorithm for the volatilities (3;): W~ ~ W(uv,,, W™1). The posterior

for W= (conditioned on the states and K) is also Wishart: W~!|Data ~ W(Ew,Wfl) where

_ 4 1 I

Vw = Z th +Qw and W = (W—F Z(ht+1 — ht)(ht+1 — ht)/)_l.
t=1 t=1

Concerning the error covariances (A;), Koop et al. (2009) transform the original measurement

equation (1) so that Carter and Kohn’s (1994) algorithm can be used to draw the states A;(y; —
X By) = A(yr) = Sper = &, where , is N(0,3,%,) and independent of ¢;. The structure of A, is
used to isolate 7; on the left-hand side as follows:

Ut = Zyay + &4, (8)

where Z; is detailed in Koops et al. (2009) and ¥ is the ith element of y;. Thus, the state space

form is (8) with ay41 = oy + ¢;. A Wishart prior is used for S{lz S;l ~ W(ysj,ﬁjfl). The
~1

),

posterior for Sj_1 (conditioned on the states and K) is also Wishart: Sj_llData ~ W(vs;, S
T - T . : , : :
where Ug; = | Kst+wvg; and S; ' o S+ (agi)l —aij))(aggl —ozgj))’)_land aij)are the elements
=1 =1
of a; corresponding to 5.
Finally, regarding the hierarchical prior of Kj;, which depends on the parameters p;, a con-

jugate Beta prior is used for p;: p; ~ B(@lj,QQj). Thus, the conditional posterior for p; is

T T
pj ~ B(Byj,B2), where By; = ﬁlj + tlejt and fBy; = §2j + T — tlejt. Regarding the
methodology for drawing K, Gerlach et al. (2000) develop an algorithm that integrates the
states analytically and draws from p(K|Data, K(_;)), where K denotes all the elements of
K except for K; and Data. Concerning state space models, Gerlach et al. (2000) show that
p(Ki¢|Data, K(_y) o< py Tyt K p(yelyt i1, Kl’t)p(Kt|K(_t)), where p(K¢|K(_y) is the hierar-
chical prior. The authors propose an efficient algorithm for drawing from the above terms. Koop et



al. (2009) follow the approach of Giordani and Kohn (2008) to draw Ki;, Ko, and K3; separately.
The authors combine the algorithm of Gerlach et al. (2000) with Carter and Kohn (1994) to draw
from K4 and B; (conditioned on all other model parameters including Ky and K3;). Moreover,
the authors combine the algorithm of Gerlach et al. (2000) with their extension of Kim et al.
(1998) to draw from Ky and ¥; (conditioned on all other model parameters including Ki; and
K34). Finally, the authors combine the algorithm of Gerlach et al. (2000) with Carter and Kohn
(1994) to draw from K3, and A; (conditioned on all other parameters of the model including Ko
and K34).

2.2 Values for the Priors

This paper uses a training sample consisting of the first 15 quarters (1992Q2-1995Q4) to choose the
priors’ hyper-parameters. Using the training sample, we estimate a standard (time-invariant) VAR
to obtain the | VAR coefficients, Bo Ls; and the error variance-covariance matrix can be decomposed
to produce AOLS and 0g. We also obtain the variance-covariance matrices of BOLS and Ao LS,
which are labeled V( EOLS) and V( AOLS), respectively. Using the above values, we set the
following priors for the initial conditions in each state equation: By ~ N(Bors,4V (Bors)), Ao ~
N(AoLs, 4V (AoLs)), and log(5o) ~ N (log(S0), 41,). Next, the priors are set for the error variances
in the state equation, allowing these priors to depend on the prior for the number of breaks thatﬁmay

V]
§1j+§2j
where Qlj =1, §2j = 1. Therefore, the following prior is set for the error variances in the state

equation: vy = 37,Q = (k )QV(EOLS)(I/E(pl)),yw =5 W = 4(kw)? (I3) (1/E(p2)),vg; =7 +1
and S; = (j —l—l)(k:5)2V(Am ors)(1/E(p3)) for j =1,2,3. It is also worth noticing that k¢, ky and

kg are prior values for the time variation; and kg = 0.01, ky = 0.01, and kg = 0.1 as in Primiceri
(2005).

occur. It is important to remember that the Beta prior used for p; implies that: E(p;) =

2.3 Evaluating Model Performance

Following Carlin and Louis (2000), this paper uses the expected value of the log-likelihood function
as conventional information criterion (e.g., the Schwarz criterion). The advantage of this approach
is that the expected value of the log-likelihood function will be less sensitive to the prior choice. To
obtain the expected value of the log-likelihood function, let Y stack all the data on the dependent
variables and A denote all the parameters in the model except for K7, K5, and K3 and the states
themselves. Gerlach et al. (2000) describe how to calculate p(Y|Ky, A). Therefore, the authors
calculate p(Y|K1,A), p(Y|K2,A) and p(Y|K3,A) and obtain an average of these values.

3 Empirical Evidence

This section presents the data used in the estimation. Then it discusses the empirical results, which
include the evidence on parameter evolution, the volatility of exogenous shocks, the IRFs related
to monetary policy, the FEVD of variables, the HD, the robustness analysis, and a brief analysis
of the reactions to other shocks.



3.1 Data

The model presented in this paper uses four variables: terms of trade growth (Figure 1a), real GDP
growth (Figure 1b), and inflation (Figure 1c), representing the non-policy block; and the interest
rate (Figure 1d), representing the policy block. The final sample is 1996QQ1-2016Q4, with a training
sample of 1992Q2-1995Q2. The data are obtained from the BCRP website. All the variables are
expressed as year-on-year percent changes, except for the interest rate. The latter is a combination
of the interbank interest rate (until 2003Q3) and the reference interest rate (from 2003Q4 until the
end of the sample).

3.2 Empirical Results

The simulations are based on 70,000 iterations of the Gibbs Sampler, discarding the first 20,000 for
convergence. This paper employs the following order for the variables in the y; vector: terms of trade
growth, real GDP growth, inflation, and the interest rate. Furthermore, we use two lags for the
estimation. Regarding the identifying assumption, equation (1) is rewritten as y; = Xy B; + Ty,
where T, = A 1 > ¢, YT imposes the identifying restrictions, and ¢; is assumed to be N(0,1).
Therefore, we assume that Ty is a lower triangular matrix. This implies that the MP shock has
no immediate effect on the other variables. This standard assumption is used by many researchers
like Primiceri (2005) and Koop et al. (2009), among others. Each structural shock is identified as
follows: a foreign shock for the terms-of-trade equation; an AD shock for the GDP growth equation;
an AS shock for the inflation equation; and an MP shock for the interest rate equation.

3.2.1 Evidence on Parameter Evolution

This paper shows some evidence on whether breaks have occurred in the three blocks of parameters:
VAR coefficients (B;), volatilities (3;), and error covariances (A;); and, if so, of what sort. It is
necessary to analyze the variables that control the changes in the three sets of parameters, Ki,
K>, and K3 and their associated transition probabilities, pi, p2, ps, respectively. The advantage
of the methodology proposed by Koop et. al. (2009) is that it allows obtaining different models
of interest by imposing values on Ki, K3, and K3. We consider different restricted versions of the
benchmark (i.e., the mixture innovation TVP-VAR-SV) used in the literature to establish which
model is supported by the data. The models that can be considered are listed in Table 1. We
consider Primiceri’s (2005) model, which can be obtained assuming K1; = Ko = K3 = 1 (i.e., the
model assumes that the three blocks of parameters always change). This paper also considers a
model that restricts the error covariances to be constant over time (i.e., a Benchmark A; constant
model) assuming K3; = 0, similar to Cogley and Sargent (2005). Another model considered restricts
the volatilities and error covariances to be constant over time (i.e., a Benchmark A, and ¥; constant
model) assuming Ko, = K3; = 0, similar to Cogley and Sargent (2001). Yet another model is used
to restrict the VAR coefficients to be constant over time (i.e., a Benchmark B; constant model)
assuming Kj3; = 0, motivated by Sims and Zha (2006), who find evidence for models with no
changes in the VAR coefficients but with changes in the error variance-covariance matrix. Finally,
we consider a time-invariant model (VAR) assuming K1, = Koy = K3 = 0.

This paper uses Beta priors for p; as benchmark. Therefore, B(ﬁlj =1, QQJ. =1)forj=1,2,
3. Based on the properties of the Beta distribution, E(p;) = 0.5 with a standard deviation of 0.29.
This benchmark prior implies, a priori, that there is a 50% probability that a break will occur



in any period for the three blocks of parameters. Moreover, the standard deviation is very large,
indicating a relatively non-informative prior. This benchmark prior is used for the other restrictive
models depending on which parameter block changes.

The empirical results for the evidence on the existence of breaks in the three blocks of parameters
and which type of model is supported by the data are summarized in Table 2. The expected value of
the log-likelihood function, F(log L), is used to assess the performance of the models listed in Table
1. In the Benchmark model, the two expected transition probabilities E(p1|Data) and E(p2|Data)
related to By and X; are above 95%, indicating a high probability that the VAR coefficients and
the volatilities change at any time in a gradual manner. Additionally, the expected transition
probability F(ps|Data) related to A; is 50%, indicating an expectation that a break may occur
about twice a year. These results are evidence against the abrupt breaks in conventional structural
break models (e.g., Pesaran et al., 2007). In conclusion, this paper obtains a more parsimonious
model using the Benchmark model, compared with its restricted versions. The same results are
maintained for the restricted models, depending on which parameter block changes.

The Benchmark model performs better because of a higher expected log-likelihood than its
restricted versions. Among the latter, Primiceri’s (2005) model and the Benchmark A; constant
model are the best performers. The Benchmark A; and ) ,constant model and the Benchmark B,
constant model receive little support. Finally, the constant and invariant VAR model is the least
performer. Therefore, as a first conclusion, this paper finds evidence that parameter evolution is
an important issue to be considered.

In sum, all three blocks of parameters change over time. These changes are more gradual for B;
and ), than for A;. There is also strong evidence in favor of the Benchmark model. Nevertheless,
these arguments are purely statistical. The following sections assess the implications of parameter
evolution for monetary policy.

3.2.2 Volatility of Exogenous Shocks

The non-systematic monetary policy captures both “policy mistakes” and interest rate movements
that are responses to variables other than inflation and growth; see Primiceri (2005). Therefore, a
common and theoretically important measure of the non-systematic monetary policy is the volatility
of MP shocks. It is important to highlight that in 1996-2001 the exogenous shock in the interest
rate equation cannot be directly interpreted as an MP shock, because in that period the policy
instrument was monetary base growth. Nevertheless, the interest rate can be used as proxy for the
policy instrument,® as it became the policy instrument since IT adoption (2002-2016).

Figure 2 presents the posterior mean, the 16th and 84th percentiles of the time-varying standard
deviation for the four shocks in the Benchmark model. First, there is a considerable volatility peak
in 1998Q3 associated with the Asian-Russian crises for the four exogenous shocks. In addition, there
is also a smaller peak in 2009Q3 associated with the GFC for the four exogenous shocks. These
two international crises were associated with a strong global contraction in the prices of Peru’s
metal exports and a considerable fall in Peruvian banks’ FX credit to firms and households. This
adversely affected aggregate demand and price stability; see Dancourt (2015). These results suggest
a significant influence of the international economic context on Peru’s economy. The difference
between both peaks may be explained by precautionary measures adopted before, and policies

"Winkelried (2004), Bigio, and Salas (2006) and Castillo et al. (2011) also use the interest rate as proxy for the
policy instrument, although their samples cover the pre-IT regime.
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implemented during, each crisis; see Dancourt (2015), Velarde (2015) and Rossini (2016). At the
same time, since 1998Q3 the volatilities of the four exogenous shocks show a downward trend,
indicating a period of low volatility in Peru’s economy due to appropriate policies adopted in the
wake of the Asian-Russian crises, such as IT adoption; see Velarde (2015) and Rossini (2016).

In this regard, Figure 2(d) shows that the volatility of MP shocks is higher on average under
the pre-IT regime (1996Q1-2001Q4) than under IT (2002Q1-2016Q4).% Therefore, IT adoption
may have played a key role in reducing MP volatility. This result is consistent with Velarde
and Rodriguez (2001), Castillo et al. (2009), and Castillo et al. (2016). Velarde and Rodriguez
(2001) argue that the high interest rate variability during the Asian-Russian crises is due to BCRP
monetary policy. Likewise, Castillo et al. (2009) suggest that inflation, GDP, and interest rate
volatility was higher in 1994-2001 than in 2002-2005. We also conclude that use of the interest
rate as policy instrument induces a reduction in macroeconomic risk. Finally, Castillo et al. (2016)
identify a significant decline in the volatility of AS, AD and MP shocks since the early 1990s.
However, their results are not totally comparable with the ones obtained in this paper, because
their monetary policy variable is monetary base growth and their sample is different (1981Q1-
2014Q3).

Regarding the comparison between volatility magnitudes of exogenous shocks, Figure 3 shows
the posterior mean of the time-varying standard deviation of the four exogenous shocks for the
Benchmark model. Foreign shock volatility is the highest in the entire sample because Peru is a
small, open, and mining export economy, and the terms of trade are influenced by the prices of
mining commodities. Concerning the other exogenous shocks, the volatility of MP shocks is higher
than that of AD shocks until 2002. Since 2002Q1, MP shock volatility ceases to be an important
source of macroeconomic volatility in Peru’s economy, compared with AD shock volatility. Another
interesting feature is that AS shock volatility is the lowest over the entire sample.

Furthermore, this paper shows the volatility of exogenous shocks for the models where volatility
(3¢) changes: Benchmark, Primiceri (2005), Benchmark A; constant, and Benchmark B; constant
models. Figure 4 presents the posterior mean of the time-varying standard deviation in the four
exogenous shocks for these four models. All of them capture the same broad patterns of volatility
for all exogenous shocks. In Figure 4(a), the Benchmark A; constant and Benchmark B, constant
models show a much smoother volatility pattern in the equation for terms-of-trade growth. For
the other three equations (Figures 4(b), 4(c), and 4(d)) there are no noticeable differences between
models.

In conclusion, the results suggest that MP shock volatility was higher on average under the
pre-IT regime than under the IT regime. Additionally, MP shocks are no longer an important
source of macroeconomic volatility in Peru since IT adoption. Finally, the benchmark model and
its restricted versions capture the same broad patterns of volatility for all exogenous shocks.

3.2.3 Impulses Response Functions (IRF's)

This section analyzes the IRFs to MP shocks and the IRFs of the interest rate to foreign, AD, and
AS shocks. The IRFs are normalized to unity for all ¢ to describe the changes in the propagation
of shocks. Furthermore, it shows the results for the four models listed in Table 1: Benchmark,

5The AD and AS shocks show the same features; see Figure 2(b) and Figure 2(c).
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Primiceri (2005), Benchmark A; constant, and Benchmark A; and ¥; constant models.”

Figure 5 shows the posterior medians of the IRFs to growth, inflation, and the interest rate to
an MP shock for the models mentioned above. In theory, a surprise increase in the interest rate
should make growth and inflation fall. This pattern is present over the entire sample for each model.
Therefore, it can be concluded that the effect of an MP shock is robust to the model specification.

The IRFs of GDP growth, inflation, and the interest rate to an MP shock are then analyzed
for each model in four representative time periods: 1998Q3, 2003Q4, 2009Q3, and 2016Q4. The
volatility peaks in the sample (1998Q3 and 2009Q3); the period after IT adoption and before the
GFC (2003Q3); and the period after the GFC (2016Q4) are selected. Figure 6 shows the posterior
medians of the IRFs of growth, inflation, and the interest rate to an MP shock in each model at
different time periods.

The results suggest that an MP shock has the greatest effect on growth between the fourth
and fifth quarters. In addition, all models show the same broad pattern in all selected periods.
However, the Benchmark A; and Y; constant model overestimates the IRFs of GDP growth to an
MP shock in all selected periods, indicating a poor performance. Regarding the effect of an MP
shock on inflation, the results indicate that an MP shock has a long-term effect on inflation, with a
strong impact between the eighth and tenth quarters. Additionally, the IRF's of inflation also show
a small price puzzle, which is more noticeable in the IT periods. Regarding the differences between
models, again the Benchmark A; and X; constant model overestimates the effect of an MP shock,
indicating a poor performance, while the remaining models show almost the same pattern in each
period. Finally, concerning the effect of an MP shock on the interest rate, only the Benchmark A;
and Y; constant model shows a significantly different pattern from the other models.

Furthermore, the paper analyzes the response of the interest rate to foreign, AD, and AS shocks.
Figure 7 shows the posterior medians of the IRF's of the interest rate to foreign, AD, and AS shocks
in the models mentioned above. The results suggest a poor performance of the Benchmark A; and
>+ constant model because it does not show the same pattern as the IRFs for the other models.
Therefore, it is important that the volatility of errors should change over time to estimate the IRFs.

Concerning the IRFs to a foreign shock, the results suggest that the latter causes interest rate
increases and its effect grows over time. Regarding the IRF's to AD shocks, the IRFs show a positive
hump-shaped pattern and the interest rate reacts gradually, with the highest effect after one year.
Finally, the IRFs to an AS shock show a quick positive interest rate response, with a higher effect
after two quarters. Therefore, the responses to AS shocks are more immediate and stronger than
the responses to AD shocks. This conclusion is consistent with the BCRP’s mandate to preserve
monetary stability and maintain inflation within its target band.

Figure 8 shows the posterior medians of the IRFs of the interest rate to foreign, AD, and AS
shocks for each model in selected periods. The IRF's of the interest rate to a foreign shock show
more interesting features. The interest rate response in 2016Q4 is stronger than for the other
periods. The results confirm that the interest rate response grows over time and the BCRP reacts
more aggressively to a foreign shock over time. Regarding the IRFs of the interest rate to AD
shocks, the IRFs for the different time periods do not vary much. Finally, there are no remarkable

"This paper only considers these models because the IRFs to MP shocks change over time. Concerning the other
models, in the case of the Benchmark B; constant model, the IRF's for an MP shock do not change because the VAR
coefficients are constant, a recursive identification is used, and the interest rate is treated as the most endogenous
variable. Therefore, the IRFs to MP shocks in the Benchmark B, constant model are the same over the period.
Likewise, the reason for not considering a constant VAR model are obvious.
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differences between IRFs of the interest rate to AS shocks. Therefore, it can be concluded that
BCRP responses to AD and AS shocks are consistent over time.

Summarizing, the responses to MP shocks have not changed considerably over time, as no
significant differences are identified between the selected periods. Additionally, the responses are
robust to model specification. Moreover, the patterns of responses to MP shocks are consistent with
Winkelried (2004), Bigio and Salas (2006), Lahura (2010), Castillo et al. (2011), and Pérez Forero
(2015); and the interest rate response to a foreign shock increases over time, while the responses
to AD and AS shocks do not change significantly over time. Finally, the interest rate responses to
AS shocks are more immediate and stronger than to AD shocks.

3.2.4 Forecast Error Variance Decomposition (FEVD)

Another important monetary policy issue is the forecast error variance decomposition (FEVD)
of variables in response to MP. The paper shows the FEVD of domestic variables in the short
(second horizon), medium (eleventh horizon), and long term (twentieth horizon).® Figure 9 shows
the time evolution of the FEVD for GDP growth in various models over different horizons. In the
Benchmark model, MP shocks explain less than 4.5% in the short-term for all the periods in the
sample. At the same time, MP shocks show a greater contribution and variation in the medium
and long term. Under the pre-IT regime, MP shocks’ long-term contribution was 8.1% in 1996Q1.
Their contribution increases to its highest value (33.8%) in 1998Q3; then the trend changes and
their contribution decreases in 2001Q4 (to 12.3%). Finally, under IT, the contribution of MP
shocks continues to decrease (to 0.7%) until the end of the sample. Therefore, MP shocks are more
important to explain the GDP growth’s FEVD in the pre-IT period.

Figure 10 shows the time evolution of the inflation’s FEVD for various models over different
horizons. For the Benchmark model, MP shocks explain less than 2.04% in the short run. However,
in the long run, the inflation’s FEVD due to MP shocks is 5.8% in 1996Q1; then increases to its
highest value of 25.5% in 1998Q3; and finally decreases to 6.3% in 2001Q4 under the pre-IT regime.
In contrast, MP shocks under IT explain 4.3% in 2002Q1 and their contribution decreases to 0.3%
in 2016Q4. Therefore, MP shocks become less important in explaining the inflation’s FEVD under
IT.

Finally, Figure 11 shows the time evolution of the interest rate’s FEVD for various models over
different horizons. For the Benchmark model, in the short run the interest rate’s FEVD due to MP
shocks is 43.2% in 1996Q1; then increases to 92.7% in 1998Q3; and finally decreases to 52.2% in
2001Q4 under the pre-IT regime. However, under IT, the contribution of MP shocks decreases to
10.6% in 2005Q3; then increases to 22.9% in 2009Q3; and finally decreases to 3.4% until the end
of the sample. These percentages decrease to a maximum of 11% in the medium and long term.
Thus, MP shocks explain a higher percentage of FEVD under the pre-IT regime compared to the
IT regime. Another result is that MP shocks are more important than foreign shocks in explaining
the interest rate FEVD under the pre-IT regime, while foreign shocks show the highest contribution
to the interest rate’s FEVD under the IT regime.

The above results are in line with Castillo et al. (2009), who argue that IT adoption reduced
the volatility of domestic variables. Moreover, Armas and Grippa (2008) conclude that inflation
fluctuations are explained by AS shocks and the international prices of Peru’s imports since IT

8The medium- and long-term values of the FEVD are quite similar. Therefore, only the latter are described.
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adoption. Additionally, Mendoza (2013) finds that greater trade openness since 2003 can explain
the higher contribution of foreign shocks to the FEVD of domestic variables under IT.

Regarding the results for other models, the Primiceri (2005) model and the Benchmark A;
constant model yield very similar results. Nevertheless, the Benchmark A; and ¥; constant model
does not capture the changes in shock participation over time.

In conclusion, under the pre-IT regime, MP shocks explain a significant percentage of the
FEVD of domestic variables, especially the interest rate. Nonetheless, under the I'T regime, the
contribution of MP shocks to the FEVD of the domestic variables decreases over time.

3.2.5 Historical Decomposition (HD)

The last issue to analyze is the historical decomposition (HD) of domestic variables associated with
MP shocks. Figure 12 describes the HD of GDP growth for different models. For the benchmark
model, the contribution of MP shocks is important under the pre-IT regime, but decreases under
the IT regime. In addition, their contribution is negative before I'T and is positive after I'T adoption.

Figure 13 presents the HD of inflation for different models. For the Benchmark model, MP
shocks play an important role in inflation until 2004Q4. Then, the role of MP shocks is minor
compared to others shocks. Moreover, most shocks are negative over time.

Finally, Figure 14 shows the HD of the interest rate for different models. For the Benchmark
model, MP shocks are larger than the others shocks under the pre-IT regime. At the same time,
under the IT regime their contribution to the interest rate decreases and foreign shocks become
relevant in explaining the interest rate.

Summarizing, MP shocks play a relevant role in explaining domestic variables under the pre-1T
regime, while their contribution decreases after IT adoption. It is an indicator of the monetary
authority’s good performance because MP shocks are no longer a source of uncertainty. Regarding
the other models, the one proposed by Primiceri (2005) and the Benchmark A; constant model
yield quite similar results. Specifically, the Benchmark A; and ), constant model overestimates
or underestimates the contribution of shocks.

3.2.6 Robustness Analysis

Concerning the prior sensitivity analysis, this paper uses different priors to estimate the proba-
bilities of change in the three blocks of parameters. Table 3 shows the posterior means for the
transition probabilities that a break may occur at time t using two different priors for the mix-
ture innovation TVP-VAR-SV: informative priors and few-breaks prior. For the informative priors,
B(Blj = - ,B = \F) for j =1, 2, 3 and T = 84. Based on the properties of the Beta distribu-

tion, E(p;) = O 5 with a 0.14 standard deviation. Compared with the Benchmark model, a prior:
they have the same probability (50%) of a break occurring at any period, but the standard devia-
tion is smaller. For the few-breaks prior, following Koop et. al. (2009), B(élj = O.OI,QZJ, = 10) for
j =1, 2, 3. Therefore, E(p;) = 0.001 with a standard deviation of 0.01. These results mean that,
a priori, there is a 0.1% probability that a break may occur in any period for the three blocks of
parameters. That is, the transition probabilities are close to zero.

For the informative priors, the posterior means for transition probabilities are above 90% in the
VAR coeflicients (B;) and the volatilities (D _,). This result suggests that there is a high probability
that the parameters change gradually in any period. Moreover, in the error covariances (A;), the
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posterior mean for the transition probabilities is almost 50%. This result indicates that a break
can be expected to occur about twice a year. At the same time, using the few-breaks prior, the
posterior means for the transition probabilities are E(pi|Data) = 0.73, E(pz2|Data) = 0.72 and
E(ps|Data) = 0.01. It should be noted that, while with the prior information of the transition
probabilities is close to zero, a break may be expected to occur about three times per year in the
VAR coefficients (B;) and the volatilities (¥;). However, very few changes may be expected in the
error covariances (A;) over the period of analysis. In conclusion, it is still possible to find evidence
of a gradual change in the parameters (at least in the VAR coefficients and the volatilities) in both
alternative priors. -

At the same time, uninformative values are used for the initial states: EO =0, V(By) = I,

g@ =0, @ = I,, and log(cp) = 0. Only the posterior mean for the transition probabilities of
the error covariances (A;) changes (F(ps|Data) = 0.03). However, the pattern of IRF's for different
shocks does not change. Moreover, if much flatter specifications for these priors are used, with
variances ten or twenty times bigger, the results do not change.’

While the choice of the priors for the initial states is innocuous, the selection of kg, k- and kg
turns out to be more important. Table 4 shows the posteriors of the transition probabilities that
a break may occur at time ¢ for different values of kg, ky and kg. It is worth noting that kg,
kw, and kg do not parameterize the time variation, but prior beliefs about the magnitude of the
time variation do. The first row shows kg = 0.01, by = 0.01 and kg = 0.1 used in the Benchmark
model and its results. In the second row, ky = 1 and the other values are maintained. The
posterior means for transition probabilities are the same results of the Benchmark model. In the
third row, kg = 1 and the other values are maintained. Only the posterior mean for the transition
probabilities of the error covariances (A;) changes (E(p3|Data) = 0.03). Finally, in the fourth row,
kg = 1 and the other values are maintained. The posterior mean for the transition probabilities
of the volatilities (X;) is the same as in the benchmark result. However, this value of k¢ affects
E(pi|Data) with a lower value (0.23), but with a higher value (0.62) of E(ps|Data). It is worth
noting that the election of different values for ky does not affect any the posteriors of the transition
probabilities.

Regarding the IRFs, only kg = 1 does not result in well-behaved IRFs. According to Primiceri
(2005), kg = 0.01 is a value that does not particularly penalize the time variation in the coefficients.
Therefore, the coefficients change considerably with time, but only to explain the outliers and to
push the in-sample error to zero. Thus, with values of kg greater than 0.01 (e.g., kg = 1), the
coefficients change very little and cannot explain the sample outliers. For these reasons, the results
of transition probabilities relating to the VAR coefficients and the IRFs are not the best. In
conclusion, kg = 0.01 is a good choice for the sample and is consistent with the literature: Cogley
and Sargent (2001), Cogley and Sargent (2005), Primiceri (2005), and Koop et. al. (2009).

Finally, the estimation is performed with a different variable ordering to test the robustness of
the results:!? terms of trade growth, inflation, GDP growth, and interest rate. The posterior means
for the transition probabilities do not change. Concerning the volatility of exogenous shocks, there
is a volatility peak in 1998Q3 for the four shocks, as in the baseline model. However, the 2009Q3
peak is not clear as in the baseline model, but there is a period of increased volatility between
2006Q1 and 2010Q1. Regarding magnitudes, the volatility from foreign and AS shocks are the

9 All results are available upon request.
10 A1l results are available upon request.
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largest and lowest over the period, respectively, as well as in the Benchmark model. However, the
robustness results show that MP shocks are always larger than AD shocks and different from the
baseline results. Concerning the IRFs for the robustness analysis, the patterns of the responses of
variables to MP shocks are very similar in both estimations. Specifically, the pattern of the interest
rate response to foreign and AS shocks are similar in both models. However, interest rate responses
to AD shocks are negative in the first quarters, but positive in the remaining quarters as well as in
the Benchmark model.

4 Other Shocks

The results asociated with foreign, AD, and AS shocks are presented, considering the same models
employed before.!! Concerning the effect of foreign shocks, the response of GDP growth changes
over time; for the Benchmark model, the response of GDP growth is positive during most of the
pre-IT regime, but negative under the I'T regime. These results are similar for the others models,
except for the Benchmark A; and ), constant model. Additionally, the response of inflation is
always negative over time and across the models. Regarding their contribution to the FEVD of
domestic variables in the long run, a foreign shock explains at least 17%, 25%, and 7% of the FEVD
of GDP growth, inflation, and the interest rate, respectively, under the pre-IT regime. Nonetheless,
these results change under the IT regime, where foreign shocks have a contribution of at least 40%
of the FEVD of each domestic variable. Finally, the contribution of foreign shocks to the HD of
GDP growth does not change over the sample, while their contribution to the HD of inflation an
the interest rate becomes more important under the IT regime.

Additionally, the response of inflation to AD shocks is positive over time, with a strong effect
in the fourth quarter, and the results are similar across the models. Regarding their long-run
contribution to the FEVD of GDP growth, AD shocks explain 48% in 2001Q4 (pre-IT regime) and
their contribution decreases to 15% in 2016Q4 (IT regime). In addition, AD shocks explain less
than 11% and 5% of the FEVD of inflation and interest rate, respectively. Finally, AD contribute
significantly to the HD of GDP growth, while its contribution to the HDs of inflation and interest
rate are lower compared to other shocks.

Finally, the response of GDP growth to AS shocks is negative over time, with a strong effect in
the second quarter, and the results are similar across the models. AS shocks have a higher long-run
contribution of the FEVD of inflation under the pre-IT regime (between 30% and 44%) compared
with the IT regime (40% in 2002Q1 to 17% in 2016Q4). In addition, AS shocks explain less than
3% and 9% of the FEVD of GDP growth and interest rate, respectively. AS shocks contribute
significantly to the HD of inflation; but their contributions to the HDs of GDP growth and interest
rate are lower compared to other shocks.

5 Conclusions

This paper uses a mixture innovation TVP-VAR-SV model, proposed by Koop et al. (2009), to
analyze the evolution of monetary policy in Peru in 1996Q1-2016Q4. The model allows estimating
whether, where, when, and how parameter changes occur. We estimate a small quarterly model of
the Peruvian economy with four variables: terms of trade growth, real GDP growth, inflation, and
interest rate with recursive identifying assumptions.

L All Figures are available upon request.
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The paper finds evidence that the three blocks of parameters (VAR coefficients, volatilities, and
error covariances) change gradually. In addition, the transition probabilities of the VAR coefficients
(By) and volatilities (> ,) are above 95%. This result is evidence that, in any period, there is a high
probability that these blocks of parameters change gradually. Moreover, the transition probabilities
of error covariances (A;) is 50%; i.e., a break may be expected to occur about twice a year. An
assessment is also made of the performance of the Benchmark model and its restricted versions,
finding that the Benchmark model does better.

Regarding the volatility of exogenous shocks, the results suggest two high-volatility peaks
(1998Q3 and 2009Q3) associated with international economic events: the Asian-Russian crises
and the GFC. Moreover, the volatility of MP shocks is on average higher under the pre-IT regime
compared with the I'T regime. In addition, since 2002Q1, MP shock volatility has ceased to be an
important source of macroeconomic volatility in Peru’s economy.

There is also evidence that MP shocks explain a considerable percentage of the FEVD of domes-
tic variables under the pre-IT regime, especially the interest rate’s FEVD. However, this scenario
changes under the IT regime; i.e., MP shocks become less important and foreign shocks explain al
least 40% of the FEVD of domestic variables. In the same line, the participation of MP shocks in
the HD of domestic variables decreased under the IT regime compared with the pre-IT regime.

Since I'T adoption, MP shocks are no longer an important source of macroeconomic volatility,
which is a good indicator of the BCRP’s good performance. Therefore, policy-makers should focus
on mitigating the influence of other shocks, especially foreign shocks. Likewise, monetary policy is
an important tool to reduce the negative effects of these shocks. However, the biggest challenge is
identifying what kind of shock the economy is facing and designing a monetary policy response to
deal with it. An appropriate monetary policy will allow maintaining macroeconomic stability.

Finally, a future agenda includes a non-recursive identification or adding other variables to
the model. Moreover, it is important to do further reasearch on aspects such as lending and the
expectations channel of monetary transmission within the TVP-VAR-SV framework to gain a better
understanding of monetary policy in Peru.
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Tablel. Models and Priors

Model Prior or modelling assumptions relating to
By Do Ay
Benchmark Biu=B8y=1 By =0yp=1 B3=0,;=1
Primiceri (2005) Ki=1Vt Koyy=1V¢ Kyp=1V¢
Benchmark A; constant Qll = ézl =1 ﬁll = §21 =1 K3 =0Vt

Benchmark A; and ) constant QH = ém =1 Kyu=0Vt¢ K3y =0Vt

Benchmark with B, constant Kuy=0vt B, ,=8,=1 B,=8,=1

VAR Ki:=0Vt Ki;=0Vt Ky =0Vt

Note: By, >, and A; are the parameters blocks of VAR coefficients, volatilities and error covari-
ances, respectively. ﬁlj and éZj are prior hyperparameters related to the prior probability that a
break occurs in any period. K; is a vector that controls the structural breaks in the model. If
Kj; = 1, the break occurs; and if Kj; = 0, the break doesn’t occur.



Table 2. Results using Benchmark Prior for Mixture Innovation TVP-VAR-SV and Restricted
Versions of Benchmark

Model E(p1|Data) E(p2|Data) E(ps|Data) E(logL)

Benchmark 0.98 0.98 0.50 —35.62
(0.01) (0.02) (0.26)

Primiceri 1.00 1.00 1.00 —36.15
(0.00) (0.00) (0.00)

Benchmark A; constant 0.98 0.98 0.00 —35.64
(0.01) (0.02) (0.00)

Benchmark A; and > constant 0.98 0.00 0.00 —36.88
(0.02) (0.00) (0.00)

Benchmark with B; constant 0.00 0.98 0.47 —40.27
(0.00) (0.02) (0.26)

VAR 0.00 0.00 0.00 —42.91
(0.00) (0.00) (0.00)

Note: By, >, and A; are the parameters blocks of VAR coefficients, volatilities and error covari-
ances, respectively. E(pi1|Data), E(p2|Data), E(ps|Data) are the posteriors means of transition
that a break occurs at time ¢ and are related to By, >, and Ay, respectively. Standard deviations
are in parenthesis. F(log L) is the expected value of the log-likelihood function.
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Table 3. Robustness Analysis: Results using Different Priors for Mixture Innovation

TVP-VAR-SV

Model Prior or modelling assumptions  E(pi|Data) FE(p2|Data) E(ps|Data)
Benchmark =p, =1 forj=1,2,3 0.98 0.98 0.50
enciimat élﬂ ﬁ% ord ’ (0.01) (0.02) (0.26)
Informative Prior (8. =j8.. = (ﬁ), for j=1,2,3 0.93 0.92 0.49
B1j 225 2 (0.03) (0.03) (0.15)
Few Breaks BlA =0.01,3, . =10, for j =1,2,3 0.73 0.72 0.01
=1j —2j (0.07) (0.09) (0.01)

Note: 3. . and [ . are prior hyperparameters related to the prior probability that a break occurs
—1j —2j Y

in any period. E(pi|Data), E(p2|Data), E(ps|Data) are the posteriors means of transition that a
break occurs at time ¢ and are related to VAR coefficients, the volatilities and the error covariances,
respectively. Standard deviations are in parenthesis.
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Table 4. Robustness Analysis: Results using different prior beliefs about the amount of time
variation

Values of kg, kw and kg E(p1|Data) E(p2|Data) E(ps|Data)

kg = 0.01, kw = 0.01, ks = 0.1 (00..8% ((2)..(5))28) (%1?8
kg =0.01, ky =1, kg = 0.1 (%.818) (%..327) (%..g)g)
kg = 0.01, ky = 0.01, kg = 1 ((()).8% (([)).'818) (%185’)
ko =1, kw = 0.01, kg = 0.1 (%'.353) 8).828) (%..952)

Note: kg, kw and kg are prior beliefs about the amount of time variation. E(p;|Data), E(p2|Data),
E(ps|Data) are the posteriors means of transition that a break occurs at time ¢ and are related to
VAR coefficients, the volatilities and the error covariances, respectively. Standard deviations are
in parenthesis.
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Figure 1. Time Series (1992Q2-2016Q4)



(FOIT0Z-THIGET) [PPOIN
YIewrpuog 10j suorjenbr] Inoq oY) Ul SIOLIF JO UOIIRIAD(] PURPIRIS 91} JO SO[IIUdID [IFR PUR [I9] ‘URSJN IOLIDISOJ g OINJI

9T0ZV¥T022T020T02800290021700220020002866T966T 9T0C2+¥1T02210201T0280029002¥%00220020002866T966T
T —— 17— T T — T T T = T T T T T T T T T
[~ T 90
r Z 80
|- m H
r 14
<1
= S
T
i
.
r v 19
\ i - 2T
L i i i i i M 1 i i i i i N
uollenb 3 ayey 1satarul (p) uonnenb 3 uonejul (2)
9T0ZV¥T1022T020T02800290021700220020002866T966T 9T0C2V¥T10221020T0280029002¥00220020002866T966T

= T T T T T T T T T =T T T T T T T T T T
[ ~

L e . . 1t -

uonnenb3g yimoio 4ao (q) uollenb 3 yimoio apesl jo swia | (e)

F-2



// N
6~ v X AN
_ A -~
- I\ \
e “w)\<\ \

L | .
5.5 | \\ \\ ==
| \ -~ = —=_ _ _7

[ X

o

S f \
/
45
a

— — —Terms of Trade Growth Eq

—+— Inflation Equation
—=—Interest Rate Equation

GDP Growth Equation H

uation

1.5 » » »
%/**%%**% ) \77\ -
L rH ks HS\\&& — ]
Y T s s
| | o SRR Rz = = SV N
1996 1998 2000 2002 2004 2006 2008 2010 2012 2014 2016

Figure 3. Posterior Mean of the Standard Deviations of Errors in the Four Equations for

Benchmark Model (1996Q1-2016Q4)



(PO9T102-TOY66T) S[PPOIN SnoLrep 10j suolyenbry o oY) Ul SIOLIF JO SUOIJRIAY(] PIRPURIS 91} JO URSIN IOLID)SO]

Emicoo 1gyJewyousg JueIsSuUod 1y jlewyouag—45002g) Madlwud——pewyosusg— — — 7

¥10¢ ¢10¢ 0T0¢ 800¢ 900¢ ¥00¢ ¢00¢ 000¢ 866T 96671

uonenb3 aley 1saiaiul (p)

9T0¢ ¥T0¢ ¢T0¢ 0T0¢ 800¢ 900¢ ¥00¢c ¢00¢ 000¢ 866T 96671

uonenb3 yimoio 4ao (a)

9T0¢ ¥1T0¢ ¢10¢ 0T0OC 800¢ 900¢ ¥00¢ ¢00¢ 000¢C 866T 96671

1/\/

Ao

4 ‘ ko

)

T
T

21

B S S

R

uonenb3 uoneyul (2)

9T0¢ ¥10¢ ¢10¢ 0T0OC 800¢ 900¢ ¥00¢ ¢00¢ 000C 866T 966T

B ]

-2’9

uonenb3g yimoio apes] jo swia ] (e)

¥ 2In81g

F-4



S[OPOJN SnolIe
LIeA I0J ¥O0yg Aot
od Are
19UOTA] 0% suorjoun asuodsay osnd
mduwy Surdrep-ow
! ~OWIL], UBTPOIN -
! G 931 g

Nmoomooom S

102010
T 01
G10z0T0

i

fo [ w0 \\\\\\\\\\\\\\\\\\\\\\\\\\\\ B

N\ W

1

s pue 'y yrewyousg

5?5,5?5%??;655%;
\

1

1ueISU0D

\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\\ >;

SN 7/////////////////////

1

JUBISUOD ' ewyouag

o
o

o~
o
T

(5002) uedIWNg

o

SN
AN

Yrewyouag

aley 1salalu| (9)
uonejul (q)
yimolo 4ao (e)

F-5



S[OPOJAl SNOLIBA IOJ SPOLIdJ OWIL], JUSIOHI(] € NOOoyS A01[0 AIejouo]y o3 suorounyg asuodoy] osmdw] "9 9Ingig

0z ST 01
‘ 50
: : 1
0z ST 0T
4 PN . 0
‘ 50
: : 1
0z ST 0T
AN
R
‘ z'0
‘ v o
‘ 9°0
‘ 8 0
()4 ST 0T

T D

S0

a1ey 1salalul (9)

iOwHomiOmoomelvOmoowlememﬁ\ - - 7
0¢ ST 0T ]

uonejyul (a)

0c

ST 0T

0c

1

1

ST 0T

o
<
JuBlSUOd 'S pue 'Y dyewyouag

1

o~
<
juelsuod 'y yewyousg

€0 3
3,
z0 3
10 S
o
g

0
HE0
@
. =1
z0- 3
5
10 2

yimolo d4ao (e)

F-6



S[OPOJAl SNOLIBA IO 93} 3s9I9ju] Jo suorpoun asuodsoy] osndu] Suriep -own], URIPIN ") 9INSI

mﬁomoﬁommoomooom S o1 oz mHONOHONmoo,wwoom S N W
0 e §
z'0 £
M N ﬁféz//////////////////??—?ﬂ/////?//éﬁ 1 ”OM lm
. mﬂomaommoouooom S o1 W
: ////// m
° z'0 .
N
. \\ :
0 SRR sl -
N i .
o :
9 , :

3o0ys Ajddns (9) ¥o0ys puewaq (q) yooys ubiaiod (e)

F-7



S[OPOJAl SNOLIBA IOJ SPOLI9J OWIL], YUSISHPI(] e 93eY 1s0109u] Jo suorouny asuoday] osmdw] g 9Ingig

06002 —<—+¥0€00C—+—€D866T— — — 7

ST 0T

o910z

02

0 [

2o ]
o
lovo

o ©o o o o

< ™ N &
o ©O © ©o o

6 < ® N &
o oo oo

yooys Ajlddns (9)

yooys puewaq (q)

0c

oy

°

o
1

- o
IS
'S pue 'y yrewyousg

1

Y
-
o

juelsuod

1

juelsuod 'y yewyousg

(S002) Haoiwud

syrewyouag

3ooys ubiaio4 (e)

F-8



SUOZLIOH

JUSIDYI(] e S[OPOIN SNOLIBA IOJ YIMOIY) J(IY) JO UOIHISOdUW0I9(] 9OURLIEA IOLIF SUI}edSaIo] oY) JO UOIIN[OAG] OWL], ‘G BINSI,]

uprerod e wo oI ddnS[_Jeiouon[_ ]|

910Z ¢T10¢ 800¢ ¥00Z 000cC 96671 910¢ ¢T0¢ 800¢ ¥00C 000c 9667
0

0
20 2o
‘0

‘0
L0

T -— - 1

9T0¢ ¢T0¢ 800c¢ ¥00c¢ 000c 96671 9T0¢ ¢10¢ 800¢ ¥00c¢c 000c 96671

9T0¢ ¢T0¢ 800¢ ¥00C 000¢C 96671 9T0¢ ¢10¢ 800¢ ¥00¢ 000c¢ 96671

9T0¢ ¢T0¢ 800c¢ ¥00c 000cCc 96671 9T10¢ ¢10¢ 800¢ ¥00c¢c 000c 96671

TT=uozuoH (q)

0z=uozuoH (p)

9T0¢ ¢T0C 800¢ v00C 000¢C @mm%

9T0¢ ¢T10¢ 800¢ ¥v00C 000c 96671

9T0¢ ¢T0¢ 800¢ v00C 000cC¢ 96671

'y suewyouag

1

jueisuod ]V jlewyouag 1uesuod s pue

(5002) uda1wid

sprewyouag

F-9



SUOZLIOH]
JUDISYI(T Je S[OPOJN SNOLIRA IOJ UOI}R[U] JO UOIHISOdUWIODd(] dJURLIRA IOLIF] SUIYRISIIO 9} JO UOTIN[OAR dWIL], ‘(0T ©InSr

upreso I e wo a I ddns[_Jerouon ]|

9T0¢ ¢T0¢ 800¢ ¥00¢ 000cC 96671 9T0¢ ¢10¢ 800¢ ¥00¢ 000c¢ 96671 910¢ ¢10¢ 800¢ ¥00c¢ 000C 96671

o

z0 20 20

- < | [S)
- o
[S)
-~ I o
- o
)
=~
o
o
wersuoo 's pue 'y yrewyousg

9T0¢ ¢T0¢ 800c¢ ¥00c¢c 00O0C mma% 9T10¢ ¢10¢ 800¢ ¥00c¢ 000c¢ 96671 9T0¢ ¢T10¢ 800¢ v00cC 00O0C omm%

20 20 z0
0 0

L0 L0

- ‘
EEN ? o
=}
o
- I
jueisuod ]V J}ewyousg

910Z ¢T10¢ 800¢ ¥00Z 000C 96671 9T0¢ ¢T10¢ 800¢ ¥00¢ 000¢C 96671 91T0¢ ¢T0¢ 800¢ ¥00¢C 000C 96671

¢'0 c'0
‘0

L0

-~ ! o ©
T s o
o o
— ~ . o
N o
o
il o
(5002) uddiwud

9T0¢ ¢T0¢ 800c¢ ¥00c¢c 00O0C mmm% 9T10¢ ¢10¢ 800¢ ¥00c¢c 000c 96671 9T0¢ ¢T0c 800c¢ ¥00C 000C 9667

co 20 ¢

‘0

-~
)

- ! =)
=)
)

- ! =)

[S)

o
jrewyouag

0z=uozuoH (p) TT=uozuoH (q) Z=uo0zloH (®)

F-10



SUOZLIOH]
JUSIDYI(] JB S[OPOJN SNOLIBA IOJ 93e}] }SOI0jU] JO UOIISOdu0d9(] 9OURIIRA IOIIY SUIPRISIIO ] ) JO UOIIN[OAG] QWL "TT BINSI

uproro I e wo o I ddnS[_Jeiauon[ ]|

910Z ¢T10¢ 800¢ v00Z 000¢ mmmoa
20
‘0

9T0¢ ¢T0¢ 800¢ ¥00c¢ 000C omm%

20
‘0
L0

T

9T0¢ ¢T0¢ 800¢ ¥00C 000C mmm%

¢'0
‘0

o

il . o
(5002) uddiwud

9T0¢ ¢T0¢ 800¢ ¥00C¢ 000cC 966

E
T
o
-

0z=uozuoH (p)

91T0¢ ¢10¢ 800¢ ¥00c¢ 000¢ wmmo._”

20
0
L0

T

910¢ ¢10¢ 800¢ ¥00c¢ 000¢C wmmo._”

20
‘0
L0
T

910¢ <¢T0¢ 800¢ ¥00C 000C 96671

0
c'0

9T10¢ ¢10¢ 800¢ ¥00c¢c 000c 96671

9T0¢ ¢T0c 800C ¥O00C 000C 966

T
0
20

J
=]
o
jueisuod IS pue ]V J}ewyousg

9T0¢ ¢T10¢ 800¢ ¥v00C 000c 96671

0
c'0

0
L0

!
jueisuod ]V Ylewyousg

91T0¢ ¢T0¢ 800¢ ¥00¢C 000C 96671

c'0
0
L0

9T0¢ ¢T10¢ 800¢ v00C 000c 96671

0 0

z'0 z0®

3

N =2

0 0 :

10 Lo %
1

TT=uo0zloH (q)

Z2=uozloH (e)

F-11



S[OPOIN FUSISYPI(T 10 YIMOIS J(IY) JO uonsodwooa(J [eOLIO)STH g1 oINSIg

\n,‘_mum:o_\,_l_aa:w reuwaqg _m_w‘_ou_li

[ve]
@
9T0¢ v10¢ ¢t10¢ 010¢ 800¢ 900¢ v00¢ ¢00¢ 000¢ 8661 9661 W
3
Q
=
>
Q
3
a
0
(2]
o
3>
%]
)
2
9T0¢ v10¢ ¢t10¢ 010¢ 800¢ 900¢ v00¢ ¢00¢ 000¢ 8661 9661 @
3
=
3
QD
=
>
(2]
=}
>
"
oy
2
0
El
o
2
~
o
=]
8
[ve]
0}
=]
(2]
=
3
Q
=

F-12



S[OPOJA JUSISYI(T 10 UOTIRPU] JO UOIHSOdWIODd(T [ROLIOISTH €T 9INSIq

%Emcos_l_ua:w euwaq _m_m:ouli

0T0¢ 800¢ 900¢ v00¢ ¢00¢ 000¢ 866T 966T

1

1

JuelSuO0d S pue Y Jjewyouag

010¢ 800¢ 900¢ ¥00¢ ¢00¢ 000¢ 8661 9661

V pewyouag

1

lueisuod

(S5002) Haod1wud

spewyouag

F-13



S[OPOJN YUSISPI(] I0J 9)RY }S9I04u] JO UOINSOdUW09(] [RILIO)STH “FT 2InSI]

%Em:o_zl_nazm euwaq _m_m:ouli

9T0¢ v10¢ ¢t10¢ 010¢ 800¢ 900¢ v00¢ ¢00¢ 000¢ 8661 9661

1

Juejsuod S pue Y jewyouag

1

1

JuBlSu0d Y jlewyousg

9T0¢ v10¢ ¢t10¢ 010¢ 800¢ 900¢ v00¢ ¢00¢ 000¢ 8661 9661

o

o
-
(S002) uadIWILd

o
~N

9T0¢ v10¢ ¢10¢ 0T0¢ 800¢ 900¢ ¥00¢ ¢00¢ 000¢ 866T 966T

yewyouag

F-14



ULTIMAS PUBLICACIONES DE LOS PROFESORES
DEL DEPARTAMENTO DE ECONOMIA

= [jbros

Adolfo Figueroa
2019 The Quality of Society Essays on the Unified Theory of Capitalism. New York.
Palgrave MacMillan.

Carlos Contreras y Stephan Gruber (Eds.)
2019 Historia del Pensamiento Econdmico en el Peru. Antologia y seleccion de textos.
Lima, Facultad de Ciencias Sociales PUCP.

Barreix, Alberto Daniel; Corrales, Luis Fernando; Benitez, Juan Carlos; Garcimartin, Carlos;
Ardanaz, Martin; Diaz, Santiago; Cerda, Rodrigo; Larrain B., Felipe; Revilla, Ernesto;
Acevedo, Carlos; Pefia, Santiago; Agliero, Emmanuel; Mendoza Bellido, Waldo; Escobar
Arango y Andrés.

2019 Reglas fiscales resilientes en América Latina. Washington, BID.

José D. Gallardo Ku
2019 Notas de teoria para para la incertidumbre. Lima, Fondo Editorial de la Pontificia
Universidad Catélica del Peru.

Ursula Aldana, Jhonatan Clausen, Angelo Cozzubo, Carolina Trivelli, Carlos Urrutia y

Johanna Yancari

2018 Desigualdad y pobreza en un contexto de crecimiento econémico. Lima, Instituto de
Estudios Peruanos.

Séverine Deneulin, Jhonatan Clausen y Areli Valencia (Eds.)

2018 Introduccion al enfoque de las capacidades: Aportes para el Desarrollo Humano en
Ameérica Latina. Flacso Argentina y Editorial Manantial. Fondo Editorial de la
Pontificia Universidad Catdlica del Perd.

Mario Dammil, Oscar Dancourt y Roberto Frenkel (Eds.)
2018 Dilemas de las politicas cambiarias y monetarias en América Latina. Lima, Fondo
Editorial de la Pontificia Universidad Catdlica del Pera.

Maria Teresa Oré e Ismael Mufoz (Eds.)
2018 Aguas en disputa. Ica y Huancavelica, entre el entrampamiento y el didlogo. Lima,
Fondo Editorial de la Pontificia Universidad Catdlica del Perd.

Patricia Benavente, José Escaffi, José Tavara y Alonso Segura
2017 Las alianzas publico-privadas (APP) en el Peru: Beneficios y riesgos. Lima, Fondo
Editorial de la Pontificia Universidad Catdlica del Perd.

Waldo Mendoza
2017 Macroeconomia Intermedia para América Latina. Tercera edicion actualizada y
Aumentada. Lima, Fondo Editorial de la Pontificia Universidad Catdlica del Peru.


http://departamento.pucp.edu.pe/economia/libro/the-quality-of-society-essays-on-the-unified-theory-of-capitalism/
http://departamento.pucp.edu.pe/economia/libro/las-alianzas-publico-privadas-app-en-el-peru-beneficios-y-riesgos/
http://departamento.pucp.edu.pe/economia/libro/las-alianzas-publico-privadas-app-en-el-peru-beneficios-y-riesgos/
http://departamento.pucp.edu.pe/economia/libro/las-alianzas-publico-privadas-app-en-el-peru-beneficios-y-riesgos/

No

No.

No.

No.

No.

No.

No.

No.

No.

No.

No.

No.

No.

No.

No.

Documentos de Trabajo

.484

483

482

481

480

479

478

477

476

475

474

473

472

471

470

“Modeling the Volatility of Returns on Commodities: An Application and
Empirical Comparison of GARCH and SV Models”. Jean Pierre Fernandez Prada
Saucedo y Gabriel Rodriguez. Febrero, 2020.

“Macroeconomic Effects of Loan Supply Shocks: Empirical Evidence”. Jefferson
Martinez y Gabriel Rodriguez. Febrero, 2020.

“Acerca de la relacion entre el gasto publico por alumno y los retornos a la
educacién en el Pera: un analisis por cohortes”. Luis Garcia y Sara Sanchez.
Febrero, 2020.

“Stochastic Volatility in Mean. Empirical Evidence from Stock Latin American
Markets”. Carlos A. Abanto-Valle, Gabriel Rodriguez y Herndn B. Garrafa-
Aragon. Febrero, 2020.

“Presidential Approval in Peru: An Empirical Analysis Using a Fractionally
Cointegrated VAR2”. Alexander Boca Saravia y Gabriel Rodriguez. Diciembre,
2019.

“La Ley de Okun en el Peru: Lima Metropolitana 1971 — 2016.” Cecilia
Garavito. Agosto, 2019.

“Peru’s Regional Growth and Convergence in 1979-2017: An Empirical Spatial
Panel Data Analysis”. Juan Palomino y Gabriel Rodriguez. Marzo, 2019.

“The Mundell-Fleming Model: A dirty float versién”. Waldo Mendoza Bellido.
Marzo, 2019.

“Politicas de estabilizacion vs Politicas de crecimiento en Perd 2011-2018".
José A. Oscategui. Febrero, 2019.

“El sector gastrondmico en el Peru: encadenamientos y su potencial en
crecimiento econémico”. Mario D. Tello. Febrero, 2019.

“Multiplicadores del turismo en el Perd, 2011”. Mario D. Tello. Febrero, 2019.

“El sistema de Madrid y la reduccion de los costos de transaccidon. Una
evaluacién econométrica”. José A. Tavera y Angelo Cozzubo. Febrero, 2019.

“Oferta de trabajo del hogar remunerado en el Peru rural: 2015-2017". Cecilia
Garavito. Enero, 2019.

“Impact of In-Kind Social Transfer Programs on the Labor Supply: a Gender
Perspective”. Luis Garcia y Erika Collantes. Diciembre, 2018.

“Milking the Milkers: a Study on Buyer Power in the Dairy Market of Peru”.
Tilsa Oré Mdnago y José A. Tavera. Diciembre, 2018.



No. 469

No. 468

No. 467

No. 466

“Gobernanza y regulacién del sistema universitario peruano: luces y sombras
de una nueva reforma”. José |. Tavara. Diciembre, 2018.

“Monetary and Fiscal History of Peru, 1960-2017: Radical Policy Experiments,
Inflation and Stabilization”. Cesar Martinelli y Marco Vega. Diciembre, 2018.

“The Role of Loan Supply Shocks in Pacific Alliance Countries: A TVP-VAR-SV
Approach”. Carlos Guevara y Gabriel Rodriguez. Noviembre, 2018.

“La apropiacién de internet en adultos mayores: desafios planteados por las
economias informales en dos ciudades de América Latina”. Roxana Barrantes y
Daniela Ugarte. Octubre, 2018.

= Materiales de Ensefianza

No. 5

No. 4

No. 3

No. 2

No. 1

“Matematicas para Economistas 1”. Tessy Vaquez Baos. Abril, 2019.
“Teoria de la Regulacidon”. Roxana Barrantes. Marzo, 2019.

“Economia Publica”. Roxana Barrantes, Silvana Manrique y Carla Glave. Marzo,
2018.

“Macroeconomia: Enfoques y modelos. Ejercicios resueltos”. Felix Jiménez.
Marzo, 2016.

“Introduccidn a la teoria del Equilibrio General”. Alejandro Lugon. Octubre,
2015.

Departamento de Economia - Pontificia Universidad Catolica del Peru
Av. Universitaria 1801, Lima 32 — Peru.
Telf. 626-2000 anexos 4950 - 4951
http://departamento.pucp.edu.pe/economia/



	DDD485-caratula-final
	DDD485-Segunda hoja
	DDD485-Contratapa
	DDD485-AbstractYTexto
	wp_pr_text_20_02_2020
	vp_pr_tables_20_02_2020
	vp_pr_figures_20_02_2020

	DDD485-ultimas publicaciones



